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Agentic	 artificial	 intelligence	 describes	 systems	 that	 plan	 and	 carry	 out	
multi-step	 workflows,	 use	 external	 tools,	 and	 adapt	 from	 feedback	 with	
limited	human	prompting.	In	marketing,	the	shift	from	content	generation	to	
autonomous	 decision	 and	 execution	 may	 improve	 speed,	 learning,	 and	
personalization,	while	also	amplifying	governance	risks	related	to	privacy,	
fairness,	 compliance,	 and	brand	harm.	An	 open-source	 systematic	 review	
was	 conducted	 using	 PRISMA	 2020,	 focusing	 on	 marketing-relevant	
applications,	autonomy	configurations,	oversight	mechanisms,	and	reported	
outcomes.	An	open-only	search	of	arXiv,	ACM	Digital	Library	metadata,	and	
DOI/publisher	 landing	 pages	 yielded	 26	 eligible	 studies.	 Building	 on	 this	
evidence,	 an	 integrative	 framework	 is	 proposed	 that	 links	 antecedents,	
agent	design,	governance	controls,	value	mechanisms,	and	performance-risk	
trade-offs.	The	paper	concludes	with	a	research	agenda	aimed	at	producing	
cumulative,	 testable	 knowledge	 for	 responsible	 autonomous	 marketing	
systems.	

Keywords:	 	
Agentic	AI;	autonomous	marketing;	
marketing	automation;	generative	AI;	
AI	governance;	systematic	review	 	
	
	
	
DOI:	
https://doi.org/10.59857/khwrgh17	 	

	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	 	
1.	Introduction	
Across	many	 firms,	 AI	 is	 no	 longer	 confined	 to	 discrete	 tasks	 such	 as	 forecasting,	 segmentation,	 or	 content	
generation.	Instead,	teams	are	beginning	to	connect	models,	rules,	and	automation	into	systems	that	coordinate	
decisions	and	execution	across	channels,	rather	than	treating	AI	as	a	stand-alone	tool.	Generative	AI	has	already	
reshaped	how	marketing	content	is	drafted,	tested,	and	scaled	across	campaigns.	Recent	work	in	marketing	and	
information	systems	discusses	implications	for	strategy,	implementation,	and	governance	(Cillo	&	Rubera,	2025;	
Grewal	et	al.,	2025).	Practitioner-oriented	research	also	highlights	broader	use	of	AI-driven	automation	in	digital	
marketing,	particularly	for	execution	and	personalization	(Chuunga	et	al.,	2025).	
	
Digital	marketing	 operates	 as	 a	 tightly	 coupled	 system:	 creative,	 targeting,	 bidding,	 and	 service	 interactions	
unfold	 in	 near	 real	 time	 and	 can	quickly	 exceed	human	 attention.	Higher-autonomy	 systems	may	 accelerate	
learning	 and	 improve	 coordination	 across	 channels,	 but	 they	 also	 expand	 the	 set	 of	 decisions	 that	must	 be	
governed	and	audited.	
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In	this	review,	agentic	AI	refers	to	systems	that	take	a	goal,	break	it	into	a	multi-step	plan,	and	invoke	external	
tools	to	execute	the	steps.	These	systems	can	update	their	behavior	from	feedback	and,	for	routine	tasks,	require	
less	continuous	prompting	(Wang	et	al.,	2023).	 In	marketing	contexts,	agents	may	generate	creative	variants,	
reallocate	 bids	 and	 budgets,	 and	 trigger	 lifecycle	 messages	 across	 channels.	 They	 may	 also	 triage	 service	
requests,	monitor	performance	dashboards,	and	escalate	anomalies	when	rules	or	risk	thresholds	are	exceeded.	
Compared	with	earlier	automation,	the	practical	difference	is	that	decision	authority	shifts	toward	the	system's	
repeated,	scalable	actions.	
	
Marketing	is	therefore	a	high-stakes	setting.	Autonomous	actions	can	create	value	quickly	through	speed	and	
personalization,	 but	 failures	 can	 also	 propagate	 at	 scale,	 affecting	 trust,	 fairness,	 privacy,	 and	 regulatory	
compliance.	Governance	expectations	are	tightening	as	well.	The	NIST	Artificial	Intelligence	Risk	Management	
Framework	encourages	structured	risk	identification	and	documentation	(National	Institute	of	Standards	and	
Technology,	2023),	and	the	European	Union	(EU)	AI	Act	 introduces	a	risk-based	compliance	regime	for	high-
impact	systems	(European	Parliament	and	Council	of	the	European	Union,	2024).	Clearer	evidence	is	needed	on	
defensible	autonomy	levels,	effective	controls,	and	practical	ways	to	measure	both	performance	and	harm.	
	
The	academic	evidence	base	is	still	fragmented	across	marketing,	information	systems,	and	computer	science.	
Marketing	and	 IS	 studies	often	 focus	on	AI-enabled	customer	 interactions	and	hybrid	 service,	 including	how	
disclosure	 affects	 customer	 responses	 (Gnewuch	 et	 al.,	 2024).	 Computer	 science	 research	 advances	 agent	
architectures	and	evaluation	methods,	but	it	often	stops	short	of	marketing	outcomes	and	governance	questions.	
As	a	result,	design	choices	are	rarely	examined	alongside	oversight	controls,	accountability	mechanisms,	or	field	
evidence	about	benefits	and	risks.	It	remains	unclear	where	agentic	systems	are	being	studied,	how	autonomy	
and	 oversight	 are	 configured	 in	 practice,	 and	which	 research	 designs	 can	 produce	 credible,	 externally	 valid	
estimates	of	performance	and	harm.	
	
To	 address	 these	 gaps,	 this	 article	 reports	 an	 open-source	 systematic	 review	 and	 develops	 an	 integrative	
framework	for	agentic	AI	in	marketing-relevant	contexts.	The	review	maps	domains	and	tasks,	then	classifies	
autonomy	 and	 governance	 configurations	 using	 comparable	 categories	 across	 studies.	 It	 also	 synthesizes	
evidence	on	value	mechanisms	and	risk	outcomes	that	matter	for	marketing	performance	and	accountability.	
The	 framework	 is	 intended	 to	 support	 cumulative	 theory	 and	 to	 help	 managers	 specify	 decision	 rights,	
guardrails,	and	monitoring	metrics	before	deploying	agents	in	customer-facing	processes	at	scale.	
	
Five	research	questions	guided	the	review:	

RQ1:	Which	marketing	domains	(e.g.,	customer	relationship	management	(CRM),	service,	advertising,	
sales)	and	tasks	are	addressed	by	agentic	systems,	and	what	level	of	autonomy	is	assumed?	
RQ2:	How	is	autonomy	operationalized	(delegation,	tool	access,	and	single-agent	vs	multi-agent	
coordination),	and	how	is	human	oversight	designed	(approvals,	monitoring,	and	escalation)?	
RQ3:	Which	value-creation	mechanisms	are	theorized	or	tested	(speed,	learning,	personalization,	and	
consistency),	and	how	are	these	mechanisms	measured?	
RQ4:	Which	risk	outcomes	and	governance	controls	are	examined	(transparency,	auditing,	guardrails,	and	
privacy	safeguards),	and	how	are	trade-offs	with	performance	handled?	
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RQ5:	What	research	designs	and	data	sources	dominate	the	literature	(conceptual,	experiments,	field	
studies,	and	design	science),	and	what	opportunities	remain	for	stronger	causal	inference	and	external	
validity?	

	
The	next	section	outlines	the	conceptual	framework	and	positions	it	against	key	work	on	agentic	systems.	The	
methodology	then	details	the	PRISMA-aligned	open-source	search,	screening,	and	coding	procedures.	The	results	
report	the	PRISMA	flow	and	synthesize	the	corpus	using	evidence	tables	and	a	synthesis	matrix.	The	paper	closes	
with	key	conclusions,	practical	implications,	and	a	focused	research	agenda	for	marketing	and	AI.	
	
2.	Literature	Review	and	Conceptual	Framework	
	
Work	 on	 agentic	 AI	 in	marketing	 is	 emerging	 across	 several	 partly	 disconnected	 literatures.	Marketing	 and	
information	 systems	 research	examines	AI-enabled	 customer	 interactions,	 conversational	 agents,	 and	hybrid	
service	 arrangements,	 often	emphasizing	design	 choices	 that	 shape	outcomes	 such	as	 satisfaction,	 trust,	 and	
compliance	(Gnewuch	et	al.,	2024).	Related	work	in	human-AI	interaction	focuses	on	autonomy,	transparency,	
and	disclosure,	which	influence	perceived	control	and	responsibility	when	systems	are	authorized	to	act	without	
real-time	 approval.	 In	 parallel,	 computer	 science	 advances	 large	 language	model	 (LLM)	 agent	 architectures,	
including	tool	use,	planning,	and	multi-agent	coordination	(Wang	et	al.,	2023).	However,	evaluation	is	frequently	
technical	and	does	not	always	translate	into	marketing-relevant	performance	and	governance	metrics.	
	
Recent	marketing	scholarship	suggests	that	the	move	from	generative	AI	to	agentic	AI	 is	not	only	a	technical	
change	 but	 also	 an	 organizational	 one.	 Generative	 AI	 mainly	 supports	 ideation	 and	 augmentation,	 whereas	
agentic	 systems	 coordinate	multi-step	 action	 across	 campaign	 planning,	 customer	management,	 and	 service	
workflows.	 In	marketing	 terms,	 this	 shifts	AI	 from	assistive	 content	production	 toward	delegated	 execution,	
making	 autonomy,	 decision	 rights,	 and	 escalation	design	 central	 analytical	 constructs	 rather	 than	 secondary	
implementation	details	(Grewal	et	al.,	2025;	Kshetri,	2025).	
	
A	second	stream	emphasizes	system	integration.	CRM	and	marketing	automation	research	shows	that	value	from	
advanced	AI	depends	on	how	models	 are	embedded	 into	 routines,	data	 infrastructures,	 and	 cross-functional	
processes.	 Ledro	 et	 al.	 (2025)	 argue	 that	 AI	 integration	 in	 CRM	 succeeds	when	 firms	 align	 technology	with	
process	redesign,	governance,	and	user	adoption,	while	Cillo	and	Rubera	(2025)	highlight	the	need	for	research	
frameworks	 that	 connect	 AI	 capabilities	 to	 firm-level	 innovation	 and	 marketing	 performance.	 Emerging	
marketing-oriented	 surveys	 similarly	 suggest	 that	 agentic	 systems	 create	 value	 through	 speed,	 continuous	
learning,	and	personalization,	but	that	these	gains	depend	on	tool	access,	high-quality	data,	and	effective	control	
mechanisms	(Runkana	et	al.,	2025).	
	
Recent	IJABS	contributions	reinforce	the	strategic	and	organizational	foundations	of	this	framework.	Jafari	et	al.	
(2025)	position	AI	as	a	strategic	partner	in	planning	and	competitive	advantage,	especially	when	it	is	integrated	
with	governance	and	managerial	judgment.	Chuunga	and	Mpundu	(2025)	emphasize	that	digital	transformation	
depends	on	customer	focus,	training,	and	alignment	between	technology	and	organizational	change.	Shahbazi	et	
al.	(2026)	further	argue	that	AI-enabled	data-driven	decision	making	must	be	examined	together	with	ethical	
safeguards,	organizational	adaptation,	and	accountability.	These	studies	strengthen	the	present	framework	by	
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showing	 that	 antecedents	 are	 not	 limited	 to	 data	 and	 tools;	 they	 also	 include	 change	 readiness,	 leadership	
commitment,	and	ethical	governance.	
	
Taken	together,	these	literatures	suggest	that	agentic	marketing	systems	should	be	analyzed	as	socio-technical	
arrangements	rather	than	isolated	AI	artifacts.	Antecedents	shape	what	agents	can	do,	design	choices	determine	
how	autonomy	is	enacted,	governance	controls	calibrate	acceptable	action,	and	value	is	realized	only	insofar	as	
performance	gains	are	not	outweighed	by	privacy,	fairness,	or	brand-risk	externalities.	
	
To	 synthesize	 findings	 across	 these	 streams,	 Figure	 1	 presents	 an	 integrative	 framework	 for	 this	 review.	 It	
organizes	 evidence	 into	 five	 components:	 antecedents,	 agent	 design	 choices,	 governance	 controls,	 value	
mechanisms,	 and	outcome	 trade-offs.	 Each	 component	 is	 anchored	 in	 observable	 elements	 such	 as	data	 and	
infrastructure,	tool	access,	approval	gates,	auditing	routines,	and	risk	metrics.	This	structure	makes	it	easier	to	
compare	 studies	 across	 tasks	 and	 methods	 while	 keeping	 autonomy	 and	 governance	 decisions	 analytically	
visible.	

	
Figure	1.	Integrative	framework	for	synthesizing	evidence	on	agentic	AI	and	autonomous	marketing	systems.	
	
3.	Methodology	
	
This	 review	was	conducted	 in	 line	with	PRISMA	2020	guidelines	 (Page	et	 al.,	 2021)	and	established	 review-
method	 guidance	 in	 management	 research	 (Paul	 &	 Criado,	 2020;	 Snyder,	 2019).	 The	 process	 prioritized	
transparency	by	documenting	search	sources,	screening	decisions,	coding	rules,	and	synthesis	steps	so	that	the	
review	can	be	replicated.	
	
Review	 design.	 A	 systematic	 literature	 review	 with	 integrative	 synthesis	 was	 used	 to	 map	 the	 emerging	
literature	on	agentic	AI.	Because	the	topic	is	still	developing,	the	synthesis	combined	descriptive	mapping	with	
theory-oriented	integration	of	constructs	and	mechanisms.	The	mapping	step	summarizes	outlets,	domains,	and	
methods,	while	the	integrative	step	focuses	on	mechanisms	and	boundary	conditions.	
	
Information	 sources.	Because	 subscription	 databases	were	 unavailable,	 the	 search	 relied	 on	 open	 sources	
rather	 than	 Scopus	 or	Web	 of	 Science.	 Sources	 included	 arXiv	 preprints,	 ACM	Digital	 Library	metadata	 and	
abstracts,	and	DOI	landing	pages	via	doi.org.	DOI	links	were	also	used	to	access	publisher	landing	pages	when	
available,	including	IEEE	records	under	the	10.1109	DOI	prefix.	Backward	and	forward	citation	chasing	was	used	
only	when	open	metadata	or	accessible	full	text	was	available.	
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Search	strategy.	Search	strings	combined	autonomy	terms	with	marketing-domain	terms	to	capture	both	LLM	
agents	and	earlier	software-agent	work.	Autonomy	terms	included	agentic	AI,	AI	agent,	autonomous	agent,	LLM	
agent,	multi-agent,	intelligent	agent,	and	software	agent.	Domain	terms	included	marketing,	advertising,	sales,	
CRM,	customer	service,	personalization,	marketing	automation,	e-commerce,	and	retail.	Searches	were	executed	
on	February	15,	2026	and	limited	to	English-language	journal	articles,	conference	papers,	and	preprints.	 	
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Table	1.	Open-only	information	sources	and	example	search	strings	(February	15,	2026).	

Source	 Coverage	rationale	 Notes	(access	/	syntax)	

arXiv	(preprints)	 Open	 repository	with	 rapid	 coverage	of	
LLM/agent	 papers	 and	 full	 text	 for	
screening.	

"agentic"	AND	(marketing	OR	advertising	OR	
"marketing	automation")	

ACM	 Digital	 Library	
(metadata/abstracts
)	

Coverage	 of	 computing/IS/HCI	 work	
relevant	 to	 marketing	 systems;	 public	
metadata/abstracts.	

"intelligent	 agent"	 AND	 marketing;	 "search	
advertising"	 policy;	 "agent-based"	 AND	
marketing	

DOI	 landing	 pages	
(doi.org)	 including	
IEEE	records	

Public	 DOI	 metadata	 and	 publisher	
landing	pages.	IEEE	items	were	captured	
using	DOI	prefix	10.1109.	

10.1109	 AND	 marketing;	 10.1109	 AND	
advertising;	"multi-agent"	AND	marketing	

Publisher	 landing	
pages	 (open	 pages	
reachable	via	DOI)	

Used	 to	 verify	bibliographic	details	 and	
access	OA	full	text	where	available	(e.g.,	
Elsevier,	Wiley,	Springer,	T&F,	Emerald,	
MDPI).	

"agent-based"	 advertising	 dissemination;	
"AI"	CRM;	"marketing	automation"	readiness	

	
Eligibility	criteria.	Studies	were	included	when	they	addressed	agentic	AI	capabilities	relevant	to	marketing	
activities	such	as	CRM,	advertising,	sales,	or	customer	service.	Eligible	outputs	included	peer-reviewed	journal	
articles,	high-quality	conference	papers,	and	scholarly	preprints	with	adequate	methodological	detail.	Records	
were	 excluded	 when	 they	 focused	 only	 on	 generic	 text	 generation,	 were	 not	 research	 outputs,	 or	 lacked	
methodological	description.	All	 included	records	were	written	in	English	to	support	consistent	screening	and	
synthesis.	
	
Table	2.	Inclusion	and	exclusion	criteria.	

Include	if...	 Exclude	if...	

Addresses	autonomous/agentic	AI	relevant	to	
marketing,	sales,	CRM,	advertising,	service,	or	
customer	journey	tasks.	

Focuses	 only	 on	 generic	 text/image	 generation	 with	 no	
autonomous	planning/execution.	

Peer-reviewed	 journal	 article	 or	 peer-reviewed	
conference	paper.	

Non-research	 outputs	 (blogs,	 vendor	 white	 papers)	 unless	
used	only	as	context.	

Reports	 methods	 and	 outcomes	 or	 provides	 a	
clear	 conceptual	 contribution	 tied	 to	marketing	
systems.	

Insufficient	methodological	detail	to	appraise	credibility.	

English	language.	 Non-English	(unless	translation	is	feasible	and	justified).	

	
Screening	process.	Records	were	consolidated	and	de-duplicated	using	titles	and	identifiers	such	as	DOIs	and	
arXiv	IDs.	Title	and	abstract	screening	removed	non-marketing	uses	of	"market,"	non-research	outputs,	and	agent	
studies	without	marketing	or	CRM	relevance.	
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Quality	appraisal.	Because	methods	varied	widely,	studies	were	appraised	using	a	lightweight	checklist	rather	
than	a	 single	quality	 tool.	The	checklist	 assessed	clarity	of	design,	 transparency	of	data	and	procedures,	 and	
evidence	supporting	validity	and	reliability.	Appraisal	informed	interpretation	and	highlighted	evidence	gaps,	
but	it	was	not	used	to	mechanically	exclude	studies.	
	
Data	 extraction	 and	 coding.	 A	 standardized	 form	 captured	 bibliographic	 details,	 domain	 and	 task,	 and	
architecture	features	such	as	planning	and	tool	use.	It	also	recorded	autonomy	and	oversight	design,	evaluation	
metrics,	 and	 reported	 outcomes	 across	 performance	 and	 risk.	When	 open	 full	 text	was	 available,	 additional	
details	on	research	design,	measures,	and	data	sources	were	extracted.	
	
Synthesis	approach.	Evidence	was	synthesized	using	a	framework-based	approach	aligned	to	the	integrative	
dimensions	in	Figure	1.	Studies	were	clustered	and	compared	on	design	choices,	mechanisms,	outcomes,	and	
boundary	conditions	to	support	cross-study	inference.	
	
4.	Results	
	
Figure	2	reports	the	PRISMA	flow	for	the	open-only	search	conducted	on	February	15,	2026.	Across	arXiv	(n	=	
30),	ACM	(n	=	11),	and	doi.org	landing	pages	(n	=	20),	61	records	were	identified.	Citation	chasing	added	five	
additional	records.	After	removing	three	duplicates,	63	records	were	screened.	Eligibility	assessment	excluded	
ten	reports,	leaving	26	studies	for	synthesis.	

	
Figure	2.	PRISMA	2020	flow	diagram	for	the	open-only	search.	
	
Table	3	summarizes	the	included	corpus	(n	=	26)	on	agentic	AI	and	autonomous	systems	in	marketing-relevant	
contexts,	 including	 customer	 service,	 CRM	workflows,	 advertising,	 sales,	 and	 retail	 applications	 that	 involve	
autonomous	decision	or	action.	Extraction	was	completed	in	full	when	open	full	text	was	available,	such	as	arXiv	
preprints	 or	 open-access	 PDFs.	 When	 only	 metadata	 and	 abstracts	 were	 accessible,	 the	 table	 reports	 the	
maximum	verifiable	information	without	speculation.	
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Table	3.	Included	studies	identified	in	the	open-only	search	(n	=	26)
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Table	3.	Continued:	Included	studies	identified	in	the	open-only	search	(n	=	26).	
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Table	4.	Synthesis	matrix	linking	design	choices	to	mechanisms	and	outcomes.	
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Overall,	the	open-only	corpus	is	weighted	toward	conceptual,	review,	and	design-oriented	studies,	with	fewer	
field	 settings	 that	 directly	 estimate	 customer	 or	 firm-level	 outcomes.	 This	 pattern	 reinforces	 the	 need	 for	
stronger	 causal	 evidence,	 clearer	 reporting	 of	 autonomy	 configurations,	 and	more	 explicit	 documentation	 of	
governance	controls	in	future	work.	
Conclusion	
	
This	 open-source	 systematic	 review	 mapped	 26	 studies	 examining	 agentic	 AI	 and	 autonomous	 systems	 in	
marketing-relevant	contexts.	Across	the	corpus,	applications	concentrate	in	customer	service,	CRM	workflows,	
advertising	and	content	operations,	and	sales	enablement.	Definitions	of	autonomy	vary	widely,	particularly	in	
planning	depth,	tool	access,	and	coordination	between	single-agent	and	multi-agent	setups.	Oversight	designs	
also	differ,	ranging	from	upfront	approval	gates	to	ongoing	monitoring,	audit	trails,	and	escalation	routines.	
Practical	Implications	
	
For	 practitioners,	 autonomy	 should	 be	 treated	 as	 a	 design	 choice	 that	 requires	 explicit	 governance	 and	
accountability.	 Before	 deploying	 agents,	 organizations	 can	 clarify	 decision	 rights,	 document	 guardrails	 and	
monitoring	routines,	and	select	metrics	that	cover	both	performance	and	risk.	Low-risk,	repetitive	activities	such	
as	campaign	monitoring,	creative	variation,	routine	CRM	orchestration,	and	first-line	service	triage	are	suitable	
starting	points	for	higher	autonomy,	whereas	pricing,	complaint	resolution,	compliance-sensitive	messaging,	and	
reputation-sensitive	customer	interactions	warrant	approval	gates	or	escalation	thresholds.	
	
Managers	should	also	evaluate	agentic	systems	with	balanced	scorecards	that	combine	efficiency	metrics	(e.g.,	
speed,	 conversion,	 retention,	 service	 throughput)	with	 governance	metrics	 (e.g.,	 override	 frequency,	 privacy	
incidents,	 fairness	 flags,	 hallucination/error	 rates,	 and	 brand-safety	 breaches).	 Cross-functional	 oversight	
involving	marketing,	data,	legal/compliance,	and	customer-service	teams	can	reduce	the	risk	that	local	efficiency	
gains	generate	broader	trust	or	regulatory	harms.	In	practice,	the	review	supports	a	governance-first	approach:	
design	 autonomy	 around	 task	 risk,	monitor	 both	 value	 and	 harm,	 and	 treat	 agentic	 systems	 as	 accountable	
organizational	processes	rather	than	stand-alone	software.	
	
The	review	also	points	 to	a	 focused	research	agenda	on	autonomy,	governance,	and	measurement	 in	agentic	
marketing	 systems.	Priority	questions	 include	matching	autonomy	 levels	 to	 task	 risk,	 testing	how	disclosure	
practices	shape	trust	and	operational	workload,	and	developing	evaluation	designs	that	show	performance	gains	
without	 obscuring	 harm,	 especially	 in	 field	 settings.	 Progress	 will	 require	 clearer	 operational	 definitions	 of	
autonomy	and	oversight,	shared	outcome	measures,	and	cumulative	evidence	linking	design	choices	to	customer	
and	organizational	outcomes.	
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